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the-art in required # test patterns 

34× improvement over state-of-
the-art in required # test patterns 

47× more stealthy HTs against logic tesitng

211× more stealthy HTs against side-channel

Found a new fault model in GIFT cipher

Found all faults in <12 hours
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All adversarial pirated circuits
successfully evade GNN4IP

All adversarial perturbed circuits
drop GNNRE's accuracy to <25%

All adversarial perturbed
circuits render OMLA's

predictions no better than a
random guess

100% success rate for
all adversarial HT-
infested circuits 

Uncovered 100% false-
positive rate of GNN4TJ
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